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BF calculator for single-factor ANOVA summaries

Model definitions:

F-statistic:
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H : not all condition means are equal
dft:
3
df2:
20 data|HO

Design:
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Bayes factors:

For source code, vist my Github page

The Bayes factor for the null is 0.11

The Bayes factor for the alternative is 9.52 ?‘\* C"‘:‘ @s 'l (LN (DSQCb \92'( CL‘

The observed data is approximately 9.52 times more likely under the alternative than
the null

-
Posterior probabilities: S c\eneg

The posterior probability for the null is 0.0951
The posterior probability for the alternative is 0.9049
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